1.1 Convergence of the EM algo... 8

1.1 Convergence of the EM algorithm

We will show that £ (é(k“)) >0 (é(’“)).
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9 1 EM Algorithm

Step 1: Show that H (0, 8®) is maximized when 8 = §(*).
e, H(8249) = ble,5%) & Gy G EHT.

Recall: Jensen’s Inequality. A function @ is convex if ®(Z5™2) < 2&(z;) + 3®(x2). Then

®(E[g(X)]) < E[2(g9(X))],

where g is a real-valued integrable function. &
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A
Step 2: Find a 8**! that will optimize Q
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11 1 EM Algorithm

Example (Two-Component Mixture, Cont’d):
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The EM algorithm allows us to obtain Oy, the parameter estimate which optimizes the
algorithm.
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